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Comparison of BP Neural Network and Multiple Linear Regression in the Prediction of
Nitrogen Removal Efficiency in a Surface Water Purification Device
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Abstract: In the actual operation process, water quality of a surface water purification device will be restricted by many
factors, and the process is nonlinear, time varying and stochastic, so it is impossible to analyze the effects of water purification
device. Therefore, in this paper, a prediction model of water purification effects based on BP neural network and multiple linear
regression is presented. The results show that the predicted results of BP neural network and multiple linear regression are good.
Finally, fitted curve is used to obtain the TN predicted value and TN actual value for analysis of the absolute error and the relative
error, indicating that the BP neural network is superior to the multiple linear regression in TN prediction and more suitable for
fitting calculation of predicting the nitrogen removal process of the surface water purification device.
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